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Abstract: Peach trees are widely cultivated in China. With the improvement of people's living standards, the requirements for
the quality of peaches are constantly improving. The occurrence of peach leaf diseases has seriously affected the yield and
quality of peach fruits. The production of high-quality peach fruit requires the necessary management of peach leaf diseases.
The traditional identification method of diseased leaves is manual identification, which is subjective and difficult. This paper
proposes a method of peach leaf disease detection using Anaconda+Python+Pycharm software and YOLOvV5 model after
adding attention mechanism CBAM, and develops a GUI interface recognition system for users to operate. The software
design interface mainly includes login interface, registration interface and main detection interface. Fruit growers can import
the collected peach leaf disease pictures into the recognition system, and then check the selection weight module of the main
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interface in this software to select the appropriate weight. Then initialize the model, and automatically compare it with the data
set types of five leaf diseases including peach leaf shrinkage disease, bacterial perforation disease, yellow leaf disease, brown
spot perforation disease and anthrax in this system through the picture detection module, so as to obtain the type of peach leaf
disease, and provide corresponding prevention and control suggestions according to the type of leaf disease. The development
of this system has improved the identification accuracy of peach leaf diseases by 2.15%. 10U increased by 3.02% to 82.37%. It
reduces the misdiagnosis rate of fruit growers, increases the recognition accuracy of peach leaf disease, takes correct control
measures, reduces the harm of leaf disease, and improves the income of fruit growers.
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