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Abstract: Intelligence GIS service is of vital importance in industry and everyday life. Semantic Web technologies, such
as ontology, is the most important tool in accomplish an intelligence GIS services, capable of deal with the heterogeneity
of data from different sources and interoperability between these sources. This paper proposes a prototype system that
can leverage from existing ontology engineering technologies, build a prototype intelligent GIS service for the campus of
Nanjing University of Science and Technology. A formal ontology is built, an open SPARQL endpoint is provided as a
web service. Evaluation experiments are carried out using real-life data from campus geo locations, smell, sound, food,
and blossom. It is evident from the evaluation results that the accuracy of the queries are 100%, average time overhead is
less than 5 ms/query.
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