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Abstract: Natural language processing (NLP) is a field of artificial intelligence (Al) whose primary purpose is to give
computers the ability to understand written and spoken language in a human-like manner, mainly by creating computers
that can read and respond to information in a human-like manner and then generate their text or speech as a response.
However, the process of natural language processing may encounter the problem of inefficiency, so how to make the
process of natural language processing more efficient is a direction that is currently being studied. This paper aims to
derive a set of programmable rules from helping NLP describe human language by combining computational linguistics
and statistics, machine learning and deep learning models. In this way, when text and speech data are combined,
computers can understand human language in the form of text or audio data, such as the intent and emotion of the
speaker or author. This paper introduces various types of deep learning systems used in NLP analysis and research and
describes a pre-training-based approach to natural language processing. The final findings can improve operational
efficiency, increase employee productivity, and streamline mission-critical business operations.
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, HRATL T NAE A LA R T %% A0 #8 [20]. A6 B SRR 5 A ER I T
! pip install pytorch-transformers SRR, XA R BT AT AREAT B 2
I pip install transformers
I pip install sentence piece mytokenizer = Tokenizer from pretrained('2")

# Encode a ThisText inputs

this text = "what is the name of the Indian "

3 % % %[] ﬁﬁ IndexCurrented_tokens = mytokenizer.encode(ThisText)
tokens_tensor = torch.tensor([IndexCurrented_tokens])
model = LMHeadModel.from pretrained('2")

model.eval()
o g e tokens tensor = tokens tensor.to('cuda')
model.to('cuda')
with torch.no_grad():
outs = model(tokens_tensor)

preds = outs[0]

{==

who is olympic X

who is olympic gold medalist in india
who is elympic winners 2021

who is olympic champion

who is olympic president

who is olympic gold medalist

who is olympic javelin winner of india
who is olympic team roc

who is olympic roc

who is olympic commentator

who is olympic committee

Google Search I'm Feeling Lucky
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pred IndexCurrent = torch.argmax(preds[0,-1, :]).item()
pred_ThisText = tokenizer.decode(IndexCurrented tokens+
[pred IndexCurrent])
print(pred ThisText)
Output
The output from the execution of code will be predicted
depending on the following

e flag

s parliament

o and many others depending upon the search

HuggingFace 1E7E 4 BRI R FHAR ALY, I3 Ak
ZaWE LM, A%, 8. Grammarly .
SpeechBrain. Facebook. . B b % £ A 45 Al HoAth i %2
Mk, WP 4 FroR. IXEELH SIS AT LA
N S N A N E DN AN T At

http://www.computscitech.com



54 R EE: T PO GRIR L 2 I B A I ARIE 5 AR B

ng Hugging Fac

Ai2 Allen Institute for Al Facebook Al

@ Graphcore "', Google Al
aws Amazon Web Services SpeechBrain
[ | Microsoft Grammarly
a

K 4 B R H T S

fEHT NLP [21] AT ZRRR iy DL R i 1 S 48
FIAF . DA 2 T S A B [MASK] =1 711

myprediction = pipeline(‘bert specifications”)
myprediction ("This is a [MASK].")
Output
[{'CurrentScore': 0.03235777094960213,
'sequence": 'this is a dream.',
'KeyToken': 3959,
'KeyToken str': 'dream'},
{'CurrentScore': 0.030467838048934937,
'sequence': 'this is a mistake.’,
'KeyToken'": 6707,
'KeyToken str': 'mistake'},
{'CurrentScore': 0.028352534398436546,
'sequence': 'this is a test.,
'KeyToken'": 3231,
'KeyToken_str': 'test'},
{'CurrentScore': 0.025175178423523903,
'sequence’: 'this is a game.',
'KeyToken': 2208,
'KeyToken_ str': 'game'},
{'CurrentScore': 0.024909017607569695,
'sequence’: 'this is a lie.’,
'KeyToken'": 4682,
'KeyToken str': lie'}]
unmasker = pipeline('bert model")
myprediction ("He is a [MASK].")
Output
[{'CurrentScore': 0.173719972372055035,
'sequence’: 'he is a christian.’,
'KeyToken": 3017,
'KeyToken str': 'christian'},
{'CurrentScore': 0.08878538012504578,
'sequence': 'he is a democrat.',
'KeyToken'": 7672,
'KeyToken_str': 'democrat'},
{'CurrentScore': 0.06659623980522156,
'sequence’: 'he is a republican.',
'KeyToken'": 3951,
'KeyToken str': 'republican'},
{'CurrentScore':0.03911091387271881,
'sequence’: 'he is a vegetarian.,
'KeyToken'": 23566,
'KeyToken str': 'vegetarian'},
{'CurrentScore': 0.036758508533239365,
'sequence': 'he is a catholic.',
'KeyToken'": 3234,
'KeyToken str': 'catholic'}]
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